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(E: Cambridge: Research with impact in more than 70 countries is listed under worldwide)
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. MIFERNRR-FEATIETESIENAE REIERR

MEREXBAETHME®S (Project-Based Learning, PBL) MEIFHFER, BXE
BELESEANARAE, 2EHEAZENTULEANERRZR. EUAFKEZMOIE
ST, ZFHEREXI-6ARNNA, HEEF—IPTENAREHR, HELETHEERX
SLFRN FMMERR/NF % (Minimum Viable Product, MVP) | HEF X BUE IR
RAE, fllBETHFHER, FERIEXEEINEAXBIIZ OIS KB,
BIMVPHAEASER, ZFEBRANRREAIZESZAR/RFRITENR IEFNCIF
BN, ROGNEERRIEZXRMGEEAFNNANE. IMEEXZIRUEEZRM
1RE@;%F;$E%¢$DF\“}% BRIAEFAFENFERAREE

IR FA RS TRIZSNE, —T—_i._/l—_r%éﬁ'lillé#uléﬂﬁ SEAE X, MBERE. XB4E
R, BEIMMEARNRSRE SRR, BINIEFINIL B E M A M B 45
2, FHERBYNAARBENEZRNEH, BEREEZITENZT WREMAR &%o
INASENARRVEHRTHIRNHERRE, FEFTENDIME. BZROBMNMEE
BEXERESN, NFEERKRNBANE L LREITTRINEM,

EHAE A RS &

1.Research on Deep Learning-Based Road Vehicle Detection Algorithm
ETREZINEEEWMSNEERNR

2. Human-level control through deep reinforcement learning

R E B FE I KIMA KRB

3.Detection and Tracking of Small Targets in Remote Sensing Images
Based on YOLOvVI10

ETYOLOV 10 :ERKERH/NE RSN S IR IR

4.PiezoBrain: Benchmarking Complex Information Reasoning for
Predicting the Dielectric Constant of Piezoelectric Ceramics

PiezoBrain: E#ENNXE 25 EHEMUTUNEBBEENN BT

2.5 YOLO Algorithm-backbone LIU CHENCHENGQ

Darknet-53

Research on Deep Learning-Based Road

-53 refers to "convolution with 52 layers" plus output layer
-Conv Ius Resid sal Block and men stacked 4 times in serial
The differences between Darknet-53
and Backbone

| Road Vehicle Detection Algorithm

greatly reduces the number of parameters in the model
3: Deep Detectives

Drive

oup members: ZHANG JUNYI, ZHOU MUZE , ZHENG YUNCONG, LIU CHENCHENG , WANG ZHENYU, XIE LINGKUN

fimage oken IOSC\J‘S‘?"S



rain Photos and Labels CNN process training curves

Detection and Tracking of Ships in
Remote Sensing High-resolution Images

YOLO divides the input image into multiple grid
and adjusts the label vectors accordingly. It
then uses a single-pass Convolutional Neural

Network (CNN) to extract features from the

Tian Hongsen . R . "
image. By optimizing the relationship between

Zhang H i

ang Hongxia the training set and corresponding labels, the
‘Wu Mengyang . .

model continuously adjusts its parameters to
Reniinze improve detection accuracy.
Yao Linxi ’
Zhang Mengke
Vo = e o
(EHZERTIIE)

=. "HUHERFE-THALERS IRENA) RERIFER
HMBEZ: TAl+ - EHAIERSITRENA
fER— - #8853 Machine Learning

BIRABT T A:
RRERNENEZINEAMSREEREONTTONA, F3RET M HsLitR
JAM D EEAR, RERELEANBSZINEN, EoEBEZISTEETE AFE
RHEEBMNGIEFRRERNEERME, EE, BNVERNRTIHELERYT, 2iF0
MEITHEEEUXREATVNEEE, W, RELSKRESMOREE, FBZ
EEZEBEILNERTTE. BIELESXRENES, FARBRASEENSRZ ITH
M55 N AT T BLAEAL,

IRIRE ™ :

1. 2B F IR (Introduction to Machine Learning)
2. MItErZL % [E]Y3 (Bayesian Linear Regression)
3. 9% (Classification)

4. B3 (Regression)

R - Bl i IR REAR IR
HE—: REBCFISEFRE: MEGEIRITS Bz

Deep Reinforcement Learning and Control Systems
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EEXRRGTHNA, BEIPIXEERNTE PEREEEERMRERHATER,
HEENURRIVBED, HIrARRSEPRIEEE B 477,

BIDRIRE™

1. BRI 5 )R HFEE (Fundamentals and Decision Models)

2. B ZIOE L (Core Algorithms in Reinforcement Learning)

3. SRR S HRIES] (Dynamic Systems and Learning under Uncertainty)
4. BAFEIRRBIEILSEE (Function Approximation and Models in RL)
5.5 RREEMA 7 IE (Advanced Policy Optimization Methods)

FEZ: BREMRXALERE: BRIENANEGRS SRS

Advanced Generative Al: Image and Multimodal Analysis

RIRNBNA:
RNRREENBERRXALEE (Generative Al) WEMBEIR. FENZESONN
A, ERFRITUMETSERER#TERERNBESHEELE, UERTMIZEHR
IIREA, ZEBZIERTANE (GAN) | EHERBERE (VAE) FRENERR
B, MERREXERFARETRIRITAMA. ERNHMARER. TREMHENHRIEIDM S
R B RN A,

REATANERERDNATEENERBRS, TRRANRITNIABSESOIREAR
(B, XA, ERFBHIFENKSLE) RANMAZHNERMIRITSHIEED, &
FREBIRGON, EHEAEBRERIAIEIRRIT. AEAVWAREBMRALFOMN
8, SBrEENRIEMESFNREEEEE

LESh, REBNMABERDARBENMALE, RITEEERNMIERIREPNSRIN
RIEACNARD, BEFIXEEBMEKR, FERERESRSETEPFHITER.
DAAEMBEES, NEREFXMIIZRMRHEIFBLSTA,
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IR E R :

1EMXATEEEMSER (Fundamentals and Models of Generative Al)
2.BEMBEMEARS IR ENA (Image Generation Techniques and Engineering
Applications)

3ZRESHIEDTSRE (Multimodal Data Analysis and Integration)

4 RIERMRA ST B (Optimization and Extension of Generative Models)

B RIERIRIME :

Professor José Miguel Herndndez-Lobato

ARG /RIRRBEEH-ZEREHR

Professor of Machine Learning, Department of
Engineering, University of Cambridge, UK

Turing Al Acceleration Fellow, the Alan Turing Institute, UK
Director, Cambridge ELLIS unit, University of Cambridge,
UK

Faculty member, Cambridge Center for Al in Medicine
UMARFIRRANGBFEILR
REM=-BRARMERALEEEIMRIE G
UMARFZZINERAFARILRE (ELLIS)YNAFEE

S KRZUFALEEEZF R OO R

Professor Pietro Lio’

RE% - BRI

Full Professor, Department of Computer Science,
University of Cambridge, UK

Member of the Artificial Intelligence group, University of
Cambridge, UK

Fellow and member of the Council of Clare Hall College

Member of the Academia Europaea
UHRFITENMZRAR

U RZEANTEBE/NERDE R
RIS 2 B A 2
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B OIRE Lecture, Workshop, Evaluation SR ZHI= 25.5/\f
INATRE TR Group Study SIHRFZEE 4.5/)\fF
FARRFEA SkillsUp Seminar TR SIm 5]\

SLIO =R Field Visit - 2/\BF
S RZEL Fellow Seminar, Fellow Activity S KREEE 15/)\BF

*UHKZIRZREELERIGField Visit: ZARRBUMKZIEZRIRE, TH
BN IERANEFTNA, 2ELRRENSSUHRRENIEIARTRNARARE

B, THRHENEZSBTLMBNSETARSMRT @M. IRERERIGTANNAEBZ LR
BEARME, EAMNREOZRMRMNRL KRERTERZNSENE K.

b, T2 RER-ZAHATEES TRENA, REDTH KER

EAN: NARECRS RS

REIER: MBEAILES (RRIIREH)

HERGHRE: ZERATHREFEIEME, BRERERS, AREZAZRS
INEF BT RERZHIBRGLERER

Page 9 of 15



F=W SEHERH

*HRERE FBEREENERHTERE

8:00

8:30

9:00

9:30

10:00
10:30
11:00
11:30
12:00
13:00
14:00
14:30
15:00
15:30
16:00
16:30
17:00
17:30
18:00
18:30
19:00
19:30
20:00
20:30
21:00

Monday

Arrival Day

Tuesday

Ice-Breaking

Opening

Ceremony

Fellow's Activity

Free Time

Wednesday

Core Module
Lecture

&
Break

Cultural Activity

College Dinner

Fellow Seminar

College Breakfast

College Lunch

Thursday

Core Module
Lecture

Group Study

Fellow's
Activity

Free Time

Friday

Core Module
Workshop

Group Study

Fellow's
Activity

Self Dinner

London Info
Session

Saturday Sunday

Full Day

Excursion Free Day

London
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8:00

8:30

9:00

9:30

10:00
10:30
11:00
11:30
12:00
13:00
14:00
14:30
15:00
15:30
16:00
16:30
17:00
17:30
18:00
18:30
19:00
19:30
20:00
20:30
21:00

Monday

Core Module

Lecture

Group Study

Fellow's
Activity

Tuesday

Core Module
Workshop

Group Study

College Dinner

Free Time

Fellow
Seminar

Wednesday

Thursday

College Breakfast

Core Module
Lecture

College Lunch
&
Break

Fellow's
Activity

Group Study

Self Dinner

Free Time

Core Module
Workshop

Free Time

Group Study

College Dinner

Fellow's Activity

Friday

Final
Evaluation

Fellow's
Activity

Cambridge
Discovery

Free Time

Saturday Sunday

Free Time

Graduation
Ceremony

Free Time Departure

Formal Dinner
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